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Which emotional expression is this emoji most associated with? .
Crowdsourcing
. 202 common

I . . . . . - emojis

Disgusted Neutral
o Skip: emoji not displayed correctly

Instructions

Click / Tap on the facial expression that you think best matches the emoji shown. If the
emoji is not displayed correctly, then choose 'Skip'.

Images: Karolinska Institute, Department of Clinical Neuroscience, Stockholm, Sweden.

Face2Emoji Website: 15,155 emoji to
emotion labels across 308 website visitors

TensorFlow
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Mapping emojis
to 6 emotions
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Hi, what's up?
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Distribution of top and next top
crowdsourced majority votes of 202 emojis
across emotion categories, including NAs
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To allow for multiple emotion categories,
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we compute Emotion Class (EC): Multi-emotion
) classification
EC = = < ,
max (z;) 0 fEC<O05
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where: x: € [1, 202], xj € [1, 8]
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Resulting emojis per emotion class distribution after applying our EC function.
Get dataset from: https://github.com/abdoelali/f2e_dataset

Recognizing the 6 Basic Emotions
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